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*MDP model
*Action
+Port configuration auto-scaling
1Es_}){| +SDN Switch sleep mode on/off
«VDN embedding
*Reward

+MDP model
et «Total electricity power saving by time: P, — P,
= Penalty(softh: BWirezires — BWasocsees < 0 (SLA
wiolation)
+Penalty(hard): PT e — PTosccues < Ofthreshold)
(PT: Peak Traffic)
+Complex service scenaric

~energy consumption in KREONET-S
~Status of VDN operation
=Action
-Port configuration auto-scaling
+SDN Switch sleep mode onfoff
=Reward
*Total electricity power saving by time: P, | — P,
-Simple service scenario
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